Die Dokumente auf EconStor dürfen zu eigenen wissenschaftlichen Zwecken und zum Privatgebrauch gespeichert und kopiert werden.
I. Introduction
The world economy is becoming ever more integrated through various channels.
Offshoring -the shift of economic activities abroad -is one of them. It receives widespread attention in advanced economies where shifts of activities to low-wage countries are perceived as a major threat to jobs and a source of downward pressure on wages. Traditionally, offshoring used to be an issue only for manufacturing activities, for which such shifts abroad have since long occurred on a regular basis. But in recent years, the threat of offshoring has also come to be felt in service activities as their output has become increasingly tradable.
The perceived threat has prompted a fast-growing empirical literature on offshoring and its impact on the labour markets of advanced economies. It is mainly based on industry-level data and starts off with Hanson (1996, 1999) , two papers that have tried to explain wage inequalities between production and nonproduction workers in US manufacturing through offshoring. In the wake of these pioneering contributions, employment became the main focus of the literature as researchers turned their attention to European countries. Strauss-Kahn (2002) and Falk and Koebel (2002) use a neoclassical labour demand framework to estimate the employment impact of offshoring for different skill categories of workers in manufacturing for France and Germany. Recent contributions to the literature have brought about several improvements and extensions. First of all, initiated by Amiti and Wei (2005) and Falk and Wolfmayr (2005) , a small strand of the literature has also focused on the so far neglected impact of offshoring on total employment at the industrylevel. Second, regarding the intensity of offshoring, which is traditionally measured through the share of imported intermediates in total inputs or output, some progress has 3 been made by drawing data on imported intermediates directly from use tables of imports instead of computing them indirectly by combining data on the use of intermediates from input-output tables with data on imports. which are generally in current prices and based on input-output tables of different national accounts vintages and for reference years only. We also distinguish between materials and business services offshoring and split the offshoring intensities into highwage and low-wage regions using detailed import data by country of origin. In order to determine the impact of offshoring on industry-level employment, we rely on the offshoring-augmented neoclassical labour demand framework that is used in most of the literature. Manufacturing and service industries are separated for the estimations, which always include both materials and business services offshoring in order to obtain complete results. As in Amiti and Wei (2006) and Cadarso et al. (2008) , the labour Third, Egger and Egger (2003) have pioneered a split according to the origin of the imported intermediates so as to distinguish between offshoring to high-wage and to low-wage countries. Finally, the analysis has been extended to offshoring of services and its employment impact in Amiti and Wei (2005) . 1 See, for example, Hijzen et al. (2005) . 4 demand equation is estimated using both static and dynamic panel data techniques. The latter technique had not yet been applied for service industries. This paper is organised as follows: in section 2, offshoring is defined and offshoring trends for Belgium are presented. Section 3 provides some theoretical elements and the labour demand equations, while the relevant empirical literature is reviewed in section 4. The estimation results are presented in section 5. Finally, section 6 concludes.
II. Defining and Measuring Offshoring
Offshoring has been described under many different names: international fragmentation, vertical specialisation or foreign outsourcing to name just the most widely used. All these terms stand for a common phenomenon: the splitting up of the production process into many separate activities and the shift of some of these activities abroad. Following the terminology of several international organisations 2 Due to a lack of appropriate data on shifted activities, most measures of offshoring are based on trade flows, i.e. a consequence of offshoring, rather than the shift of activity itself. The share of imported intermediates in total intermediate inputs or output has by now become the standard measure for the intensity of offshoring.
, we will call this offshoring. 3 It is computed with data from input-output tables (IOT) or supply and use tables (SUT). Hijzen et al. (2005) and Hijzen (2005) use value-added as denominator for this share, but then it suffers from the high volatility of industry-level value-added over time. 4 SUT are industry-by-product tables that enable the analysis of output, intermediate consumption and final demand. They are the basis for the derivation of symmetric product-byproduct IOT.
However, it ignores cases of offshoring that do not give rise to imports and includes 5 imports that are not due to offshoring. Moreover, focusing on intermediates implies leaving out cases where the final stage of the production process is offshored.
Our data on imports of intermediate inputs for Belgium are taken from a series of constant price SUT for the period 1995-2003 with a breakdown into 120 industries and 320 product categories. They are compatible with the 2007 vintage of the Belgian national accounts and the methodology of their compilation is described in Avonds et al. (2007) . SUT are more appropriate than IOT for constructing an imported intermediate input measure for offshoring. The widely-used product-by-product IOT refer to by homogeneous industries, whereas SUT refer to heterogeneous industries. The latter are preferable when linking imported intermediate inputs to employment data by industry from the national accounts, for which industries are always heterogeneous. method based on detailed information on imports by firm and product that is described in Van den Cruyce (2004) . The structure of the tables for these reference years has been 5 For greater detail on this issue, see Michel (2008, p.25) . It is of course true that the difference between heterogeneous and homogeneous industries tends to become small when there is a great industry and product detail available. But this is generally not the case in industry-level studies of the employment impact of offshoring where the number of industries is less than 100. Feenstra and Hanson (1996) and Amiti and Wei (2006) Some authors, e.g. Hijzen et al. (2005) or Wolfmayr (2005, 2008) , also rely on use tables of imports available from the source they take their data from. But no information is provided on how these tables have been calculated. 7 offshoring of service activities, which occurs not only between high-wage countries, but also between high-wage and low-wage countries. Stories abound of call centres of American companies being moved to India or the Philippines or of accounting departments of Western European multinationals being transferred to Eastern Europe.
Hence, the aim of distinguishing between trends in the offshoring of manufacturing and services activities warrants a split of the offshoring measure. 
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Some authors opt for a more restrictive measure called 'narrow offshoring' initially defined by Feenstra and Hanson (1999) .
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Since the classical offshoring scenario consists in the shift of a production stage from a high-wage to a low-wage country, the relevance of the analysis can be increased by splitting the imports of intermediates by country of origin and identifying those coming from low-wage countries. Egger and Egger (2003) were the first to suggest such a split of the offshoring intensity. However, in the SUT no information is available on the country of origin of imported intermediate inputs. Therefore, we rely on a proportional method combining the data on offshoring from the SUT with data on Belgian imports broken down by country of origin. For manufactured goods, the data on imports by country of origin at the 5-digit CPA-level come from merchandise trade statistics, while for business services imports, we use balance of payments data by country of origin for the categories 'computer and information services' and 'miscellaneous business, professional and technical services'.
To compute it only imported intermediate inputs from the 'same' industry are taken into account, i.e. imported intermediate inputs of the product category that constitutes the main output of the industry. However, we prefer the 'broad offshoring' defined above over 'narrow offshoring' since we believe that the shift of activities abroad is not necessarily limited to core activities only.
11 10 The measure also used in other papers, e.g. Ekholm and Hakkala (2005) , Hijzen et al. (2005) or OECD (2007b). 11 The source for all import data for Belgium is the National Bank of Belgium (NBB).
We distinguish three groups of countries or regions: OECD is made up of 22 OECD countries (Austria, Australia, Canada, Denmark, Finland, France, Germany, Greece, Iceland, Ireland, Italy, Japan, Luxemburg, the Netherlands, New Zealand, Norway, Portugal, Spain, Sweden, Switzerland, the United Kingdom and the United States); CEEC corresponds to the ten Central and Eastern European member states that have joined the EU recently (Bulgaria, the Czech Republic, Estonia, Hungary, Latvia, Lithuania, Poland, Romania, the Slovak Republic and Slovenia); ASIA groups together China, India and eight economies from South-East Asia (Hong Kong, Indonesia, Malaysia, the Philippines, Singapore, South Korea, Thailand and Taiwan). Together, those three groups account for more than 90% of Belgian imports.
Both CEEC and ASIA contain typical offshoring destinations.
The proportional method works as follows: first, we calculate the share of each region in total Belgian imports for all the products in the SUT that are relevant for materials or business services offshoring. Then, for each product separately, we multiply the imported intermediate inputs by these regional import shares and obtain, as a result, imported intermediate inputs by region of origin for each industry-product combination.
Finally, for each industry, we sum those regional imported intermediates over productsmanufacturing goods or business services -, divide by the industry's output and thereby obtain offshoring intensities by region om_oecd, om_ceec, om_asia, os_oecd, os_ceec and os_asia for all industries. Let M_k stand for Belgian imports from region k and M for total Belgian imports. Then:
The results for Belgium over the period 1995-2003 are shown in Table 1 for the private sector industries and the two sub-groups manufacturing industries and market 10 services industries.
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III. Theory and Labour Demand Equation
For the private sector as a whole, the intensity of materials offshoring is much higher than that of business services offshoring, but the average growth rate of the latter is much higher. Both these features are true for the total as well as for the regional offshoring intensities. This is not really surprising given that services offshoring is a recent phenomenon. The offshoring intensities for the regions CEEC and ASIA are very low over the whole period and the bulk of offshored activities are located in the OECD countries. Nonetheless, the growth rates of materials and business services offshoring are highest for the CEEC region.
[Insert Table 1 here] For the manufacturing industries, the contrast between materials and business services offshoring is even stronger both in levels and growth rates. Things are different for market services industries. Total materials offshoring is much lower but still on the rise, while total business services offshoring has reached substantially higher levels.
Regarding regional offshoring intensities, the pattern is similar for manufacturing and market services industries. Most of offshoring goes to OECD countries, but the fastest growth rates of the offshoring intensities are recorded for the CEEC.
The motivation of firms to engage into offshoring, i.e. to shift parts of their production process to another country, comes from the cost arbitrages they make. They try to locate 11 each stage of the production process where factor prices make this most profitable. The classical scenario is that they take advantage of lower labour costs in developing economies if the gains outweigh the extra coordination costs of the more complex production process and the extra transport costs for the intermediate goods or services to be provided to the other stages of the production process. Put briefly, offshoring is a "new vehicle of internationalisation where international arbitrage cuts value-added processes into ever smaller slices produced in different locations".
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Regarding the impact of offshoring on employment, which is the main channel of adjustment in a rigid labour market like in Belgium, the same basic line of argument is as follows: on the one hand, shifting a stage of the production process abroad will cause layoffs of workers that used to perform this activity giving rise to unemployment in the short-run; on the other hand, there will be gains from offshoring in the form of enhanced efficiency. The productivity of workers in downstream parts of the production process will be raised through cheaper inputs or a higher quality of inputs at the same price.
These inputs used to be produced by the laid-off workers and are now imported. Hence, in the long-run one would expect to observe an expansion of production and in turn higher employment as offshoring improves the efficiency of the production process and competitiveness. However, the employment effect of the productivity gains may also turn out to be negative as emphasized by Amiti and Wei (2005) . Enhanced productivity in downstream activities may depress the demand for workers in those activities. Thus, the overall employment impact of offshoring is uncertain. Moreover, there are also caveats to be taken into account: the outcome depends on the initial relative factor demands, and 12 may also be influenced by the degree of rigidity of the labour market and a country's terms of trade that may be altered by offshoring.
Evaluating the employment impact of offshoring empirically is best done in a neoclassical factor demand framework as derived in Hamermesh (1993) . This may be adapted to take offshoring into account. As done by most authors, we simply specify a log-linear labour demand equation taking the prices of labour and capital (w and r) as well as output (Y) into account. This proves convenient for estimation since the parameters can be interpreted as elasticities. Letting L denote employment and subscripts i and t respectively industry and years, the equation takes the following form:
Theory predicts β 1 , the own-price elasticity of labour, to be negative, whereas β 2 , the cross-price elasticity with respect to capital should be positive. The income elasticity of labour demand, γ, is also expected to be positive.
To the extent that offshoring is measured through imported intermediate inputs, it
may be treated as an extra factor of production whose price will have an impact on labour demand reflecting the idea that offshoring represents foreign labour services that are a substitute for domestic labour services. Hence, the price of imported intermediate inputs may enter the log-linear labour demand equation as a proxy for the price of foreign labour. The elasticity of labour demand with respect to the price of imported intermediates is expected to be positive. When import prices for intermediate inputs fall,
i.e. when offshoring becomes relatively cheaper, then this should depress labour demand.
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However, since data on the price of imported intermediates are difficult to come by, Amiti and Wei (2005, p.329) suggest to use the offshoring intensity as an "inverse proxy". Implicitly, this rests on the assumption of a negative own-price elasticity of the volume of imported intermediates for a given level of output. It is nonetheless worth mentioning that this inverse relationship is less clear-cut for the value measure of the offshoring intensity used in the literature because of the price effect, which casts some doubts on whether it is a good inverse proxy. But this should be solved by using a volume measure as we have done. In the end, the argument comes down to the same as what most authors do to measure the impact of offshoring on labour demand: augment the labour demand equation by one or more variables that measure offshoring. In our case, these are the regional offshoring variables om_oecd, om_ceec, om_asia, os_oecd, os_ceec and os_asia defined in the previous section:
Controlling for output Y implies that the scale of the production may not change in response to offshoring, i.e. feedback from offshoring to labour demand through increased production is eliminated from a conditional labour demand equation such as (2). We would then predict a negative employment impact of offshoring, i.e. θ 1k and θ 2k <0. 14 Equation (2) defines static labour demand. It can easily be transformed to become testable by adding time and industry dummies α t and ε i as well as a disturbance term u it .
To capture lagged effects, it is useful to also include first order lags of the explanatory variables. Moreover, the price of capital -the rental rate -r it is dropped by making the assumption that for capital "all firms face the same price, which […] is some function of
In other words, r it is taken to be part of the time dummies α t . The testable form of equation (2) then becomes:
Finally, we introduce an autoregressive element to take labour demand dynamics into account. Let labour demand in year t depend on labour demand in the previous year t-1 by including the lagged dependent variable, L it-1 , among the explanatory variables:
The aim is to bring equations (3) and (4) to the data at the industry-level to estimate the sign and magnitude of the θ parameters, which reflect the impact of offshoring. But before discussing the econometric methodology, let us first take a look at the assumptions and findings of the related empirical literature.
IV. Relevant Empirical Literature
The focus of our analysis is the impact of the offshoring intensity on total industry-level employment without a distinction by skill-levels, although the bulk of the empirical literature has focused on the differential impact of the offshoring intensity on skill categories of workers. The aim has been to determine whether on average low-skilled workers are hit more severely by offshoring than high-skilled workers in the form of either unemployment or wage reductions. The papers are mostly based on industry-level data. The early contributions to this strand of the literature have been surveyed in Hijzen (2005) . Most of the more recent papers, e.g. Hijzen et al. (2005) , OECD (2007b) or Kratena (2008) , suggest that offshoring does indeed have a negative impact on employment and wages of low-skilled workers. We are aware of seven papers that have estimated the sign and magnitude of the total employment impact of offshoring with industry-level data. Four of them - Wolfmayr (2005, 2008) and OECD (2007a OECD ( , 2007b 17
The data, the econometric methodology, the features of the offshoring variable and the econometric results of these seven papers are summarised in Tables 2a, 2b and 3. -examine a panel of respectively EU and OECD countries, while the three remaining ones - Wei (2005, 2006) and Cadarso et al. (2008) -concentrate on one single country -respectively the UK, the US, and Spain. All of them rely on a labour demand framework similar to the one derived in the previous chapter.
Apart from the aspect of the country focus -panel or single country -there are major differences in the datasets regarding the industry detail (column 3 of Table 2a ): in the cross-country studies the industry-level data are pooled over the countries in the sample and only three papers present data on service industries. Another important difference is the way of measuring the dependent variable, i.e. industry-level employment. It seems that only Cadarso et al. (2008) use data in hours (column 5 of Table 2a) . Moreover, Table   2b shows quite some variation in the offshoring intensity measure used in those papers. This is very likely to affect the estimated employment impact of offshoring.
[Insert Table 2a here] [Insert Table 2b here] Despite a common theoretical framework, the exact labour demand equations and the estimation methods also differ substantially and this has an impact on the results. A static conditional labour demand including wage and output as controls is the rule, but unconditional or dynamic labour demand equations are also specified in some of the papers. To some extent, this is linked to the available data. While the cross-country studies estimate cross-sections in five-year differences by ordinary least squares due to a lack of data for intermediate years, the single country studies are based on various more robust panel data methods. Amiti and Wei (2005) alternatively use first differences and fixed effects, Amiti and Wei (2006) introduce IV-and GMM-estimation, and Cadarso et al. (2008) rely on more recent dynamic panel data methods.
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[Insert Table 3 here] Table 3 shows that the findings on the impact of offshoring on total industry employment depend on the type of offshored activity -materials or business servicesand on whether manufacturing or service industries are considered. For the manufacturing industries, the cross-country studies find either a non-significant or negative impact of both materials and business services offshoring. The results for the single country studies show that even a positive impact may occur. When the offshoring intensity is split by region, it is rather offshoring to low-wage countries that has a negative impact while offshoring to high-wage countries is not significant. Overall, the results depend to a large extent on whether an autoregressive term is included. This is, of course, not possible in the long difference specifications of the cross-country studies.
Regarding service industries, the evidence on the employment impact of offshoring is scarce. While the impact of materials offshoring on service industries is not of great interest, the one of services offshoring on service industries deserves greater attention.
But, hindered by the lack of reliable data on service industries, only two papers examine this explicitly though with rather small datasets. They find a negative or non-significant coefficient on their services offshoring variable. Finally, even when the coefficients of the offshoring variables are found to be significant -mostly negative, sometimes positive -they are generally small. In other words, none of these estimations reveals evidence of massive job losses due to offshoring.
V. Results
Other data
The data used to compute the offshoring intensities have already been described previously. The national accounts (NA) are the source for the data on employment by industry. We restrict the analysis to employees for which we have data on the number of 18 There are no data on worked hours for self-employed. Nonetheless, we have performed the following robustness check for the estimations below: first, we computed a level of employment in hours by industry for the self-employed making the assumption that, on average, they work the same number of hours as employees; then, we added this to the number of hours worked by employees to obtain total hours worked by industry; finally, we redid the estimations below using these total hours by industry instead of hours worked by employees by industry as dependent variable. Hence, implicitly we made the assumption that the average wage rate is the same for employees and self-employed. The results did not change significantly compared to those reported below.
Static labour demand
To start with, the static labour demand equation -equation ( 
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The coefficients of the control variables w and Y are significant and of the expected sign. For the manufacturing sector, the contemporaneous wage elasticity (0.25) is within the reference confidence interval [0.15; 0.75] defined by Hamermesh (1993, p.92) for this type of labour demand equation. This elasticity tends to be lower in estimations with industry-level data than in estimations using firm-level data. This
In terms of methodology, this is comparable to what has been applied in Wei (2005, 2006) for US and UK data.
But we have pushed things one step further by splitting up the offshoring intensity variables by region. Tables 4 and 5 report the results. In both tables, column (1) shows the estimated labour demand equation with total materials and business services offshoring, i.e. without any regional split-up. The columns (2)- (4) provide the results when the split-up offshoring intensity variables are included. As opposed to the ideal case of equation (3), they are introduced separately for the three regions (OECD, CEEC, ASIA) in the labour demand equations to avoid problems of multicollinearity.
[Insert Table 4 here]
[Insert Table 5 here] 19 Using fixed effects estimation with a panel where the number of industries, i.e. individuals N, largely exceeds the number of time periods T implies that the coefficients of our equation should be interpreted as structural elasticities rather than short-run or long-run elasticities given that the estimation essentially relies on the variation between industries for the variables.
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explains why the result is at the lower end of the interval. It is also in line with previous results for Belgium that are summarised in Dhyne (2001) . 20 The story is somewhat different for the service sector, where the coefficients on both w t and w t-1 are significant and negative. The coefficient on w t amounts to more or less 0.7, which is rather high but still within the above-mentioned confidence interval. However, the contemporaneous and lagged coefficients taken together are well beyond the upper limit of the interval.
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The main variables of interest here are the offshoring intensity variables. For the manufacturing sector, our results show that the offshoring intensity has little impact on employment. Regarding materials and business services offshoring without a regional split, only the lagged materials offshoring intensity om t-1 has a significant but positive coefficient, which runs counter to our theoretical predictions for conditional labour demand made in section 3. But even this significant elasticity of 0.05 is relatively small.
This finding is in line with results reported in Amiti and Wei (2006) . None of the regional offshoring intensity variables for OECD and CEEC is significant and for ASIA only contemporaneous materials offshoring intensity om_asia t has a significant but positive impact on employment. For the service sector, the only significant -but again positiveFinally, the elasticities of labour demand with respect to value-added are respectively 0.2 and 0.5 for the manufacturing sector and the service sector. This is broadly in line with earlier findings.
20 See Dhyne (2001, p.161) . Again, the wage-elasticity of labour demand is found to be substantially higher in estimations using firm-level data. This is confirmed by more recent estimations in Mahy (2005) . 21 As mentioned previously, we have also estimated unconditional labour demand equations by controlling for output price instead of output volume. The results are disappointing with respect to the controls: both the wage elasticities and the output price elasticities are mostly not significant. The offshoring elasticities are not substantially different from the conditional labour demand estimations in Tables 4 and 5. coefficient for any of the offshoring intensity variables is for lagged materials offshoring to CEEC (om_ceec t-1 ). However, as said before, materials offshoring is not of great interest for service industries. Overall, the business services offshoring intensity does not have a significant impact even for employment in the service sector.
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The econometric methodology for estimating the dynamic labour demand -equation (4) -is based on Bond (2002) . A similar methodology is followed in Cadarso et al. (2008) . Wei (2005, 2006 ) also produce some results from estimations of dynamic labour demand. Bond (2002, p.156) argues that adopting a dynamic specification is sometimes useful "for identifying the parameters of interest, even when the dynamics themselves are not the principal focus of attention". When the number of cross-section units exceeds the number of time periods, estimating a dynamic equation by ordinary
The finding that the employment impact of offshoring is mostly insignificant is consistent with the growth rates of the offshoring intensity variables shown in Table 1 .
Offshoring is indeed on the rise -except for materials offshoring to the OECD regionbut the growth rates do not seem to be strong enough to have a substantial impact on the labour market. This does not mean that there are no jobs lost due to offshoring, but rather that the amount of jobs lost because of offshoring is simply not very big compared to the total number of jobs in the economy. Hence, our findings are in line with what has been argued by several authors, e.g. Bhagwati et al. (2004) or OECD (2007a): job losses due to offshoring are small compared to annual turnover in the labour market. 22 We have tested the robustness of our results with respect to the offshoring measure by using the offshoring intensities computed with total intermediate inputs instead of output in the denominator. But this gives rise to only marginal changes in the results.
Dynamic labour demand
least squares (OLS) will structurally overestimate the autoregressive coefficient, whereas fixed effects (FE) estimation tends to underestimate this coefficient. The generalised method of moments (GMM) estimator offers a solution to the inconsistency of the OLS and FE estimators. The method is referred to as GMM-DIF because the first differenced equation is estimated using lagged levels of the dependent variable as instruments.
Nonetheless, the GMM-DIF estimate of the autoregressive coefficient is often found to be downward biased in finite samples, in particular when the dependent variable has near unit root properties. In that case, instruments in the first differenced equation are weak as shown by Blundell and Bond (1998) . This can be improved upon by applying an extended GMM estimation method (GMM-SYS), which combines the equation in first differences with the equation in levels and uses lagged differences of the dependent variable as instruments for the latter in addition to the levels that again serve as discard the GMM-DIF estimates in most cases and to prefer the GMM-SYS estimates.
Nonetheless, the results are weak regarding the validity of the over-identifying restrictions.
The estimation results for the dynamic labour demand equations for both the manufacturing and the service sector are presented in Table 6 . Only total materials and business services offshoring intensities are included. We have also done the estimations with the regional offshoring intensities but do not report the detailed results here. We will mention the main features of these results in the text. Explanatory variables may be treated as predetermined or endogenous in the GMM-estimations. We take the wage rate w to be predetermined. The main focus is on the results for GMM-SYS as the other three methods produce biased estimators for the autoregressive coefficient. The autocorrelation tests reject the null of no first order autocorrelation and do not reject the null of no second order autocorrelation. However, the validity of the over-identifying restrictions is always rejected by the Sargan test. Things get better in this respect, i.e. the validity of the overidentifying restrictions is not rejected anymore, when computing two-step estimators instead of the one-step estimators that we have reported here. But the correction for heteroskedasticity that is needed to obtain robust results inflates the standard errors of the estimators so much that merely the autoregressive coefficient remains significant. This sheds some doubt on the dynamic results, and so does the very low autoregressive coefficient in the GMM-DIF estimations. The same conclusions can be drawn from the dynamic labour demand estimations with the regional offshoring intensities.
[Insert Table 6 here]
For the manufacturing sector, the coefficients of the control variables w t and Y t turn out to be non-significant in the GMM-SYS estimation. This is due to relatively bigger robust standard errors. Moreover, the sign of the coefficients of w t-1 and Y t-1 even runs counter to intuition and these coefficients are significant. The results for the control variables come closer to what we expect for the service sector. The coefficients of w t and Y t are respectively significant negative and significant positive. Overall, the same observations can be made for all the specifications that contain the regional offshoring intensities.
The results for the offshoring intensity variables do not change very much compared to the estimations of the static labour demand equations since there is again little evidence of an employment impact of offshoring. For the manufacturing sector, things are straightforward: none of the total or regional offshoring intensity variables is significant in the GMM-SYS estimations except for the lagged business services offshoring intensity to CEEC (os_ceec t-1 ), which turns out to be marginally significant, i.e. at the 10%-level, with a negative but very small coefficient. For the service sector, it is the contemporaneous business services offshoring intensities (os t , os_oecd t , os_ceec t and os_asia t ,) that have a significant positive but rather small impact on labour demand.
Hence, the dynamic labour demand estimations confirm the result of the static ones of no employment impact of offshoring. Moreover the results for the instruments are weak. The arguments put forward previously to explain the lack of an employment impact of our offshoring intensity measures are also valid in the dynamic labour demand context.
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VI. Conclusion
The fears raised by offshoring are mostly related to the consequences for the labour market and especially employment in advanced economies. They used to be focused on manufacturing, but by now they also extend to certain kinds of business services that have become increasingly tradable and thereby subject to offshoring. In this paper, we have taken a look at the situation for Belgium presenting evidence on both materials and service offshoring through an improved volume measure of imported intermediate inputs from high-wage and low-wage countries. We have also estimated their employment impact at the industry-level in a partial equilibrium framework for the period 1995-2003.
Regarding the extent of offshoring for Belgium, the levels of the offshoring intensities are very different for materials and business services: the intensity proves to be high for the former and still relatively low for the latter even in 2003. In terms of the growth rates, the intensity of materials offshoring stagnates, whereas the intensity of business services offshoring is on the rise. A split of the intensities by region shows that for materials it is offshoring to high-wage countries that drags the growth rate down, and that the highest growth rates over the period 1995-2003 can be observed for offshoring to Central and Eastern European countries.
The estimations of both static and dynamic labour demand equations for 58 manufacturing industries and 35 service industries fail to reveal a substantial impact of the offshoring intensities on total employment in these industries. This is true for both materials and service offshoring to all regions. Hence, the main conclusion to be drawn is that, at the industry-level, offshoring has not massively depressed employment during the years 1995 to 2003. This is consistent with the view that materials offshoring is mature and not rising anymore, while service offshoring still remained at low levels in Belgium during this period despite substantial growth rates. Moreover, our results are in line with the argument put forward by many observers that job losses because of offshoring remain small compared to total job turnover in an economy. Nonetheless, these are results at the industry-level. They do not mean that there are no jobs lost due to offshoring as they may indeed hide disparities in demand for different skill categories, which is influenced by offshoring, as well as differences in trends at the level of the firms. Both these issues deserve to be carefully examined in future research.
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OECD ( Remarks: a: no data for intermediate years; b: 450 industries for some estimations; c: separate data on the offshoring intensity is available for only 26 more aggregated industries; d: total industry employment; e: no information is provided on how total industry employment is measured; f: nominal output for service industries; g: also includes a specification with a lagged dependent variable among the explanatory variables, but no information is provided on whether this is estimated using a GMM-technique. Remarks: a: excluding energy inputs; b: no information is provided on how this measure has been deflated; c: broad offshoring only for services; d: includes 'narrow offshoring' and 'difference offshoring', which sum to 'broad offshoring'; e: total services offshoring and business services offshoring; f: business services offshoring only; g: distinction between low-wage countries (CEEC and Asian countries) and high-wage countries; h: for materials offshoring, distinction between high-wage countries, CEEC, and China and East Asian countries, and for services offshoring, distinction between high-wage and low-wage countries; i: for enlarged region of CEEC only. Legend: ns: not significant; +: positive; -: negative; x: not estimated.
Remarks: a: labour demand equations augmented by 'narrow offshoring' and 'difference offshoring' are also estimated for all industries, i.e. without a distinction between manufacturing and service industries, where 'narrow offshoring' is negative significant and 'difference offshoring' not significant in conditional labour demand and 'difference offshoring' is positive significant and 'narrow offshoring' not significant in unconditional labour demand; b: negative only for offshoring to low-wage countries for less skill-intensive industries; c: not significant for broad offshoring and in the unconditional labour demand specification; d: positive, but very small in some specifications; e: negative only for offshoring to CEEC for medium high-tech industries; f: not significant in the unconditional labour demand specification; g: negative only in a few specifications; h: small sample size for service industries; i: only total services offshoring considered, negative coefficient only for offshoring to low-wage countries. 
